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Study on Phishing URL Detection

Based on Machine Learning Method

Fei Ye!, Jian Gong?, Wang Yang!
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Abstract: Online phishing attack is one of the main approach of economic crime. In this paper, we proposed a method using
text features of URLs for the identification and classification of phishing website. This method utilize naive bayes, logistic
regression, radial basis function support vector machine (RBF-SVM) and linear support vector machine (Linear-SVM) as classifier
to implements the phishing detection system and guarantee the efficiency and accuracy of detection. The results show that

machine learning method for detection phishing websites with text features of URLSs can achieve higher precision.
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