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A Resear ch on the Evaluation Modél of Anti-Spam Filtering

Xiang Tao GongJian Ding Wei
(School of Computer Science and Engineering, Southeast University, Nanjing 210096,china)
(Key Laboratory of Computer Network Technology of Jiangsu Province, Nanjing 210096, china)

Abstract: The differences among the value of existent metrics, which are used to evaluate
Anti-Spam Filtering, are analyzed in detail. An evaluation model is proposed to evaluate the
filtering effect of Anti-Spam Filtering. Based on this model, an evaluation system is designed and
implemented which has been used to evaluate many open-source Anti-Spam Filtering. The results
demonstrate that the evaluation model proposed in this paper has a good effect on evaluating the
Anti-Spam Filtering.
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