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Abstract: Botnet is one of the largest Internet security problem at present. With the change of the Botnet, the method of Botnet detection has

been updated , which is changing from DPI detection to DFI detection. This paper presents a botnet detection system framework, that can be
used to detect botnet traffic,ection with high quality network flow. The framework of this system is mainly divided into feature creation module
and botnet detection module. Feature creation module is based on the active technology that can actively get the traffic of botnet communication.
Botnet detection module analysis and extract the characteristics of Botnet communication traffic to detect botnet.
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