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Survey on Data Stream Management System
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Abstract Processing continuous dynamic data steam in real-time mode is required by many applications in
the recent years. Traditional databases technologies cannot fit the needs, especially for the data from
high-speed links, so that all kinds of data analysis management system and tools have emerged in, driven
by applications, but most of them were simple and dedicated to special application. DSMS is a common
model which adopts window mechanics, continuous query and many optimizing strategy to online
analyzing and disposing real-time data quickly and efficiently. This paper comprehensively analyzes the
state-of-art of structure and components of DSMS, discusses their fitness, merit and demerit, and points out
the problems which exist in the recent researches and the latest possible development trends.
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