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Correlation Analysis for Discriminators in Flow Classification
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Abstract:

In theory, the more discriminators for flow classification, the more aspects of flows they would characterize so that
the accuracy of classification process would be higher. However, it is difficult to figure out the relationships among
so many discriminators and it is expensive in measuring and processing these discriminators. Fortunately, it is found
that some discriminators are highly correlated. And thus, in this paper, variable clustering is introduced to clarify
relationships by clustering 181 discriminators into 32 clusters based on the correlation between them and selecting a
representative discriminator for each cluster. Then regression analysis is used to establish quantified relationship
between a cluster representative and other discriminator in the cluster so as to predict the discriminator from the
representative and eventually reduce measuring cost.
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