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Layer adaptive selecting algorithm of SVC video for robust transmission
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Abstract: Aiming at the problem of video transmission in the fluctuating network, this paper employs
scalable video coding and proposes an adaptive layer selecting algorithm for scalable video. The algorithm
models the adaptive transmission problem as a Markov decision process model, and calculates the
maximum long-term reward that can be obtained in the current state before each decision, and then selects
the appropriate layer to extract and send to optimize the quantitative QoE of the user. The simulation is
conducted under scenarios with packet loss and bandwidth fluctuations respectively and the numerical
results show that the algorithm can ensure higher video quality and balanced cache, and bring users a
better experience quality.
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